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European Forest Fire Information System
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		CORINE Code

		CORINE Class

		Non-Burned Area (ha)

		Burned Area (ha)

		% Burned



		112

		DISCONTINUOUS URBAN FABRIC

		109878

		42

		0.0%



		211

		NON-IRRIGATED ARABLE LAND

		1194065

		6990

		0.6%



		212

		PERMANENTLY IRRIGATED LAND

		682939

		403

		0.1%



		221

		VINEYARDS

		134274

		2843

		2.1%



		222

		FRUIT TREES AND BERRY PLANTATIONS

		123157

		1398

		1.1%



		223

		OLIVE GROVES

		518360

		2421

		0.5%



		241

		ANNUAL CROPS ASSOCIATED WITH PERMANENT CROPS

		16563

		10

		0.1%



		242

		COMPLEX CULTIVATION PATTERNS

		1007677

		5040

		0.5%



		243

		LAND PRINCIPALLY OCCUPIED BY AGRICULTURE, WITH SIGNIFICANT AREAS OF NATURAL VEGETATION

		773877

		11269

		1.4%



		244

		AGRO-FORESTRY AREAS

		164627

		2314

		1.4%



		311

		BROAD-LEAVED FOREST

		840208

		1006

		0.1%



		312

		CONIFEROUS FOREST

		526430

		3812

		0.7%



		313

		MIXED FOREST

		573425

		3930

		0.7%



		321

		NATURAL GRASSLAND

		1247403

		6448

		0.5%



		322

		MOORS AND HEATHLAND

		260835

		1628

		0.6%



		323

		SCLEROPHYLLOUS VEGETATION

		2070419

		25793

		1.2%



		324

		TRANSITIONAL WOODLAND-SHRUB

		1044180

		5266

		0.5%



		331

		BEACHES, DUNES, AND SAND PLAINS

		31072

		68

		0.2%



		332

		BARE ROCK

		22903

		59

		0.3%



		333

		SPARSELY VEGETATED AREAS

		249691

		437

		0.2%



		334

		BURNT AREAS

		19081

		2102

		9.9%



		

		UNCLASSIFIED FOREST SURFACES

		1371987

		17445

		1.3%



		

		TOTAL

		12983050

		100724

		0.8%






Global Forest Fire Information System

o -
\ A Y L
- B= . E EUROBEAN SPACE AGENCY.

Srﬁolégfdispbri_o
= - i - |



		CORINE Code

		CORINE Class

		Non-Burned Area (ha)

		Burned Area (ha)

		% Burned



		112

		DISCONTINUOUS URBAN FABRIC

		109878

		42

		0.0%



		211

		NON-IRRIGATED ARABLE LAND

		1194065

		6990

		0.6%



		212

		PERMANENTLY IRRIGATED LAND

		682939

		403

		0.1%



		221

		VINEYARDS

		134274

		2843

		2.1%



		222

		FRUIT TREES AND BERRY PLANTATIONS

		123157

		1398

		1.1%



		223

		OLIVE GROVES

		518360

		2421

		0.5%



		241

		ANNUAL CROPS ASSOCIATED WITH PERMANENT CROPS

		16563

		10

		0.1%



		242

		COMPLEX CULTIVATION PATTERNS

		1007677

		5040

		0.5%



		243

		LAND PRINCIPALLY OCCUPIED BY AGRICULTURE, WITH SIGNIFICANT AREAS OF NATURAL VEGETATION

		773877

		11269

		1.4%



		244

		AGRO-FORESTRY AREAS

		164627

		2314

		1.4%



		311

		BROAD-LEAVED FOREST

		840208

		1006

		0.1%



		312

		CONIFEROUS FOREST

		526430

		3812

		0.7%



		313

		MIXED FOREST

		573425

		3930

		0.7%



		321

		NATURAL GRASSLAND

		1247403

		6448

		0.5%



		322

		MOORS AND HEATHLAND

		260835

		1628

		0.6%



		323

		SCLEROPHYLLOUS VEGETATION

		2070419

		25793

		1.2%



		324

		TRANSITIONAL WOODLAND-SHRUB

		1044180

		5266

		0.5%



		331

		BEACHES, DUNES, AND SAND PLAINS

		31072

		68

		0.2%



		332

		BARE ROCK

		22903

		59

		0.3%



		333

		SPARSELY VEGETATED AREAS

		249691

		437

		0.2%



		334

		BURNT AREAS

		19081

		2102

		9.9%



		

		UNCLASSIFIED FOREST SURFACES

		1371987

		17445

		1.3%



		

		TOTAL

		12983050

		100724

		0.8%






Global Forest Fire Information System

.hu ‘:-:II : 'h ‘J._L.
. TN o,
v "‘ 4 -y g . ‘:. E:
W0 Emission sssessi Project Teadepw ,.
o ol . and smoke dispersio I n T

5
k|
- w === o

W= =

. P



		CORINE Code

		CORINE Class

		Non-Burned Area (ha)

		Burned Area (ha)

		% Burned



		112

		DISCONTINUOUS URBAN FABRIC

		109878

		42

		0.0%



		211

		NON-IRRIGATED ARABLE LAND

		1194065

		6990

		0.6%



		212

		PERMANENTLY IRRIGATED LAND

		682939

		403

		0.1%



		221

		VINEYARDS

		134274

		2843

		2.1%



		222

		FRUIT TREES AND BERRY PLANTATIONS

		123157

		1398

		1.1%



		223

		OLIVE GROVES

		518360

		2421

		0.5%



		241

		ANNUAL CROPS ASSOCIATED WITH PERMANENT CROPS

		16563

		10

		0.1%



		242

		COMPLEX CULTIVATION PATTERNS

		1007677

		5040

		0.5%



		243

		LAND PRINCIPALLY OCCUPIED BY AGRICULTURE, WITH SIGNIFICANT AREAS OF NATURAL VEGETATION

		773877

		11269

		1.4%



		244

		AGRO-FORESTRY AREAS

		164627

		2314

		1.4%



		311

		BROAD-LEAVED FOREST

		840208

		1006

		0.1%



		312

		CONIFEROUS FOREST

		526430

		3812

		0.7%



		313

		MIXED FOREST

		573425

		3930

		0.7%



		321

		NATURAL GRASSLAND

		1247403

		6448

		0.5%



		322

		MOORS AND HEATHLAND

		260835

		1628

		0.6%



		323

		SCLEROPHYLLOUS VEGETATION

		2070419

		25793

		1.2%



		324

		TRANSITIONAL WOODLAND-SHRUB

		1044180

		5266

		0.5%



		331

		BEACHES, DUNES, AND SAND PLAINS

		31072

		68

		0.2%



		332

		BARE ROCK

		22903

		59

		0.3%



		333

		SPARSELY VEGETATED AREAS

		249691

		437

		0.2%



		334

		BURNT AREAS

		19081

		2102

		9.9%



		

		UNCLASSIFIED FOREST SURFACES

		1371987

		17445

		1.3%



		

		TOTAL

		12983050

		100724

		0.8%






Global Forest Fire Information System

o
- e,

> i o .

e -

T L
- i' ~

Fire Identifier

Burnt Area a
Products - a -

Archive
SCIENTIFIC D AT A
D tor en | Publishe 9
A global wildfire dataset for the analysis
of fire regimes and fire behaviour
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GlobFire in the GKH

October 22, 2021

A global wildfire dataset for the analysis of fire regimes
and fire behaviour
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A global wildfire dataset for the analysis of fire regimes and fire behaviour. " s
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A global wildfire dataset for the analysis of fire regimes and fire behaviourGlobal fire monitoring systems are

crucial to study fire behaviour, fire regimes and their impact at the global scale. Although global fire products based
on the use of Earth Observation satellites exist, most remote sensing pmduct only partially...
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A global wildfire dataset for the analysis of fire regimes and fire behaviour
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GlobFire procedure source codePython virtual environmentVirtual machine ready to run the codeSource code and
Python environmentVirtual Machine ...




Uses of GlobFire
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Uses of GlobFire

10,000,000
8,000,000

6,000,000

4 000,000

Yearly Mum ber of Fires

=
m
[
T
=
@
(=]
=
3
—

2 000,000

e .
A

|

Yearly Burned Area —— Yearly Number of Fires




Uses of GlobFire
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Uses of GlobFire
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GWIS Use example: Extreme Fire Behaviour
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GWIS Use example: Extreme Fire Behaviour
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GWIS Use example: Extreme Fire Behaviour

For each fire several fields are collected:

‘ 1
o

FWI
Components of FWI
Computed in percentiles for that fires since 1980
Landcover
Vertical profile:
 Temperature
« Dew point temperature
* Wind speed
» Wind direction
We compute a new index of deep convection with
conditioned stability.
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GWIS Use example: Extreme Fire Behaviour
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GWIS Use example: Extreme Fire Behaviour
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Wildfire in Sala (2014,

Sweden) that burnt close to 10 000 ha from 3 to 4 August 2014 (time period marked with vertical .
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GWIS Use example: Extreme Fire Behaviour

EFBI 28/12/2019 EFBI 29/12/2019 EFBI 30/12/2019
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Figure 6. Time sequence of the wildfire which took place in Pedrégio Grande (Comissdo Técnica Independente, 2017), Portugal, on
17 June 2017. The maximum speed line between time steps is shown with a black arrow. Background image © MapTiler (hitps:
//maptiler.com/copyright, last access: 15 March 2021). GWIS: Global Wildfire Information System.
=



GWIS Use example: Extreme Fire Behaviour
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Figure 7. The EFBI and its components for the wildfire in Pedrégido Grande on June 2017 for the fire centroid (—8.2252, 39.952). Horizontal
axis is the timeline using hourly steps in the format dd-mm hh.




GWIS Use example: Extreme Fire Behaviour
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Figure 8. Scatter plot showing the maximum fire front speed and
- the values of the EFBI for each time step with a logarithmic trend



WIS Use example: Extreme Fire Behaviour
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Figure 9. Daily burnt area for the duration of wildfire in Roboré, Bolivia, in 2019. The maximum speed line between time steps is shown with
a black arrow. The missing days do not have any daily burnt area in GlobFire. Background image © MapTiler (https://maptiler.com/copyright,
last access: 18 March 2021). Please note that the date format in this figure is yyyy-mm-dd.

+

Lz

- I Pl




B a5 S A

(D./(B4/1)) 1943

lIOUr

>
©
e
O
af
v
i =
i
v
-
3
=y
S
X
LL]l

===--- Max Line —+—— EFBI

Figure 10. Maximum longitude of the daily burnt area and the EFBI and its components for the wildfire in Roboré, Bolivia, in 2019. Vertical

dashed red lines show when a pyroCb took place. Please note that the date format in this figure is yyyy-mm-dd.
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Behaviour

= -

Use example:Extreme

- ——
. 5

~ [

dsr_percentile <= 96.438
entropy = 1.0
samples = 445

value = [222, 223]

“Accu racy of 7

78.37 %

= ¢

.arp":r

S

| é'ij¢="e_rror of 1.85 %) using NN

class = Big
T"’V
dmec_percentile <= 69.261
entropy = (.96
samples = 324 K
value = [200, 124] |
class = Small 1
[
Y :
EFBI_avg <= 7.34 EFBI_max <= 48.489
entropy = (1.702 entropy = (1,998
samples = 105 samples = 219
value = [85, 20] value = [115, 104]
class = Small class = Small
de_percentile <= 42.678 dsr_percentile <= 93.369 EFBI_min <= 2.597 de_percentile <= 97.481
entropy = 0.954 entropy = 0.323 entropy = 1.0 entropy = 0.996
4 samples = 8 samples = 17 samples = 202 samples = 28
value = [3, 5] value = [16, 1] value = [99, 103] value = [13, 15]
class = Big class = Small class = Big class = Big
: 4 b\ / !
entropy = 0.0 entropy = 0.0 entropy = 0.761 entropy = 0.0 entropy = 0.974 entropy = 0.887 entropy = 0.932 entropy = 0.0
samples = 3 samples = 29 samples = 68 samples = 16 samples = 143 les = 59 samples = 23 samples = 5 L
value = [3, 0] value = [29, 0] value = [53, 15] value = [16, 0] value = [58, 85] value = [41, 18] value = [8, 15] value = [5, 0] |
class = Small class = Small class = Small class = Small class = Big class = Small class = Big class = Small E
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