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Maximum Likelihood (ML) Estimation
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Relative Bias vs. SNR Relative Accuracy vs. SNR

Maximum Likelihood (ML) Estimation

Noise Variance
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Maximum Likelihood (ML) Estimation
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Other Estimators
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Eigenvalue-Based (EB) Noise Variance Estimator

from S. Cloude, “Introduction to Pol-InSAR”, 
Advanced Course on Radar Polarimetry, ESA-ESRIN, 2011

      
   






 *

222
*
1

*
21

*
11

21   
  

cov
uuEuuE
uuEuuE

uu



Relative Bias vs. SNR Relative Accuracy vs. SNR

Other Estimators

unbiased efficient

Relative Bias vs. SNR Relative Accuracy vs. SNR

biased

Maximum 
Likelihood

Eigenvalue-
Based
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Estimated σ2 – Histogram
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Thank you!
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